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Conclusions

But, conventional Occupancy Grid Maps (OGMs) predictions
struggle with retaining dynamic vehicles in the scene and
suffer from subjective choice of evaluation (MSE, IS).

Contribution

e The addition of semantic labels plays a significant role in

| . | |4 improving the prediction results.
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Experiments are conducted on
Nuscenes dataset with grid
dimension of 60x60m. For
training, the grid images are
resized to 256x256 pixels. In
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